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ABSTRACT
This study targets to measure the effect of dynamic pricing offers
on the purchase intentions of consumers for a winter holiday by
taking into consideration a moderated mediator role of perceived
risk on this effect. The study employs an experimental design
with discount level and timing of the offer (offer recency) as the
manipulated conditions. The findings confirm that discount
offers have positive direct effect and perceived risk has a
negative direct effect on purchase intentions. The levels of
discount and perceived risk, independently from each other,
determine the level of purchase intentions. On the other hand,
the effect of discount offers on purchase intentions is mediated
by the perceived risk level of consumers. Finally, the timing of
the discount offers moderates the effect of perceived risk on
purchase intentions and eventually generates a moderated
mediation role for perceived risk on the influence of discount
offers on purchase intentions. Based on the findings of this study,
some practical implications are provided.
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INTRODUCTION
Today, consumers benefit from the convenience of having many
alternatives in their hand to use in their evaluations of products or
services offered by the companies. This is the natural result of increasing
number of companies competing in the market. Thanks to the adoption of
Internet as a medium of both communication and transaction, consumers
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can access the information on many alternatives at once, which in turn,
helps them to increase the efficiency of their decision-making process.
Ease of access to the information about all possible alternatives in this
highly competitive market environment make consumers more
demanding and selective in their product or service choices. The reflection
of this new dynamic to the companies is twofold.
First, companies have difficulty to convince customers in this
intensively competitive market. Among the alternatives they evaluate,
when they have similar offers, price level becomes one of the components
which consumers are generally sensitive about. In order to transform this
sensitivity into their advantage, marketers try to increase the value
perception of consumers by approaching them with several cues such as
sales promotions in a price discount format (Taylor, 2001). Companies use
this tool to generate positive consumer attitudes towards their brand and
convince target consumer to try or purchase their products or services (Yi
& Yoo, 2011). Thus, price discounts are one way how companies cope with
the difficulty of acquiring new customers. As a member of marketing
communication mix, sales promotions and especially price discounts
constitute a considerable share of the marketing budgets (Teng, 2009). On
the other hand, when we consider that many sales promotion strategies do
not provide the desired effectiveness, due to the accountability issue,
markets need to understand very well the underlying dynamics in order
to make better decisions (Grewal et al., 1998). Thus, marketers need to
understand whether the price discount offers will shape consumer
attitudes and behavior in a desired way.
The second difficulty that the companies face is related to managing
the demand in an optimum way to prevent overstock, idle capacity,
unbalanced cash flows and consequently to maximize the revenue and
profit. Traditional pricing strategies such as uniform, competitive and
cost-plus pricing strategies, have difficulty in responding effectively to
changing market demand conditions (Sahay, 2007). Under uniform prices
companies fix the price for a period and do not change it till the end of the
period regardless of changing market conditions (Farahmand &
Chatterjee, 2008). Competitive pricing strategy requires companies setting
their prices based on their peer group competitors (Enz et al., 2009).
Finally, under cost-plus pricing strategy companies apply a profit margin
on the top of the cost of the product to set the price without taking into
consideration other market-based factors (Sahay, 2007). Companies react
to changing market conditions by implementing dynamic pricing
strategies which involves the determination of different prices to the same
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products considering the change in their status (Liu et al., 2008). Therefore,
using dynamic pricing, companies adjust their prices in response to
changing marketplace conditions (Dimicco et al., 2003). As a method of
optimizing the price, models of dynamic pricing strategies incorporate
demand elasticities, forecasted demand and competitor prices to decide on
optimal prices and eventually maximize the revenue (Cross et al., 2009).
Thus, dynamic pricing helps companies to sell their products at the right
time and at the right price to their target consumers (Kimes, 2002). The
applications of dynamic pricing are dependent on the product categories.
For example, in perishable product categories, as the product bear the risk
of being outdated and the demand is conditioned on shelf life, dynamic
pricing works based on aging factor (Adenso-Diaz et al., 2017). Thus,
prices are offered on the decreasing trend towards the end of the shelf life.
On the other hand, lodging industry is one of the playgrounds where the
employment of dynamic pricing strategies is fully justified due to the
several reasons. First, the market demand level in the industry is not stable
due to the seasonal as well as economic effects. Thus, continuous
adjustment of prices to changing market conditions is required by
discounting the rates to level the occupancy rates in low demand times or
to steal the market share in normal conditions (Enz et al., 2009). Second, as
the industry have some availability issue with perishable assets such as
rooms, occupancy rates should be maximized by managing the demand
(Abrate et al., 2012). Due to these reasons, dynamic pricing strategies are
widely used in the lodging industry for the purposes of revenue
management based on the availability and demand factors (Bayoumi et al.,
2013). In the practices of this industry, the price may follow an increasing
or decreasing trend depending on the availability of rooms as it
diminishes or remains the same throughout the period. Thus, hotel
reservations made earlier may benefit from discounted prices since there
are more available rooms at the time of early reservation compared to the
times closer to the planned check-in date. This inter-temporal effect on
price offerings is an important feature of dynamic pricing offerings in the
lodging industry.
Due to the importance of the dynamic pricing subject for reaching
at successful bottom line results, marketers need to understand the
underlying dynamics of how consumers react to dynamic pricing practices
and be able to set the optimum price levels for different temporal distance
and demand level conditions. There are several studies which focused on
dynamic pricing concept. These studies can be classified into two broad
categories including studies which generated dynamic pricing models
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(Feng & Xiao, 2000; Gallego & Ryzin, 1994; Zhao & Zheng, 2000) and those
studies which investigate the effects of dynamic pricing applications on
different aspects of consumer behavior (Haws & Bearden, 2006; Levin et
al., 2009; Rohani, 2012). Although there are vast number of studies which
focused on the effect of dynamic pricing on consumer behavior, to the best
of our knowledge, there is a lack of studies which mainly focus on the
effects of price discounts on purchase intentions in a dynamic pricing
context taking into consideration the role of consumers’ perceived risk and
the timing of the offer. Perceived risk is a broad concept which was the
subject of many studies in the literature. Due to the service-based nature of
the lodging industry, the uncertainty about the consequences of a
purchase decision is high and in general, when the uncertainty level
increases, also the perceived risk level increases (Chakrabarti & Baisya,
2009). This makes the perceived risk an important feature of the decisionmaking process in this industry (Roehl & Fesenmaier, 1992). Combining
the inter-temporal nature of dynamic pricing offers and the importance of
perceived risk in consumer decision process in a service-based industry,
the relationship between inter-temporal price offers in a discount format,
the perceived risk level of consumers associated with the purchase
situation and their purchase intentions in a dynamic pricing context needs
to be investigated.
In this perspective, this study targets to fill a gap in the marketing
literature by measuring the effects of dynamic pricing offers on the
purchase intentions taking into consideration the roles of perceived risk
and inter temporal effects of offer timing in the hospitality context. It is
proposed that offering discounts will generate higher levels of purchase
intentions and this effect will be mediated by the perceived risk of
consumers related to the purchase of international holiday package. It is
also proposed that the timing of the offer will have a moderating role on
the effect of perceived risk on purchase intentions. This will eventually
lead to the moderated mediation role of perceived risk on the effect of
discount offering on purchase intentions.

DYNAMIC PRICING AND PURCHASE INTENTIONS
The advance in technologies and especially the rapid diffusion of internet
provides several opportunities for companies and consumers in their
interactions. Companies benefit from the availability of these advanced
and cost-effective technologies when they set prices for the goods or
services they offer. Due to the lack of information on demand information,
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large amount of investment required setting the technological
infrastructure including hardware and software, and the high transaction
costs of changing the prices, companies were applying static pricing and
were forced to fix their prices for a long period of time (Elmaghraby &
Keskinocak, 2003). Today, the new technologies support companies to set
their prices in a dynamic way by taking into consideration different
customer needs, characteristics, and the availability of goods or services.
They can acquire these skills of yield management and be able to set the
right prices dynamically in a way that they offer the right product, to the
right consumer, at the right time with the right prices (Kimes, 2002).
Therefore, dynamic pricing considers the time factor in pricing and it is
related with the pricing of a product overtime (Chenavaz et al., 2011). In
other words, it is an inter-temporal discrimination of price by taking into
consideration the uncertainty of future demand (Dasu & Tong, 2010).
Dynamic pricing, as a concept which attracted considerable
attention of researchers from several disciplines including marketing,
economics and operations, was the subject of many studies in the
literature (Dong et al., 2008). However, with full respect to all
contributions made by the previous studies, the focus of this one will be
on the review of underlying factors influencing dynamic pricing decisions
of companies, forms of dynamic pricing and its effects on consumer
behavior in the context of finite inventories, such as the offers in tourism
sector.
Tourism sector is a dynamic system having distinguishing
characteristics (Croes & Semrad, 2012). Some of these unique
characteristics are fixed and perishable room supply, uncertainty in
demand and high operational fixed costs which collectively lead to
continuous price adjustments (Corgel, 2004). The microeconomic theory,
which presents the relationship between price and demand based on the
downward sloping demand curve, suggests that when price decreases, the
quantity demanded increases in cases of other factors hold constant (Enz
et al., 2004). Taking the dynamic structure of the industry and dynamics of
price and demand relations presented by the microeconomic theory into
the dynamic pricing practices, we can conclude that hotel management
confronts with both an inelastic room supply in a short-run and a
downward sloping demand curve due to the seasonality effects which
make them to set up some expectations about the rates that can be applied
(Bull, 1997). However, these expected rates change overtime due to the
different levels of demand leading to a continuous price adjustment and
consequent fluctuations, which at the end bring the equilibrium by
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changing the demand patterns (Croes & Semrad, 2012). Therefore,
companies in the tourism sector often apply dynamic pricing strategies for
the purpose of demand and revenue management as they have finite
inventories. The availability of online tools supported the wide range
adoption of dynamic pricing in this industry since they facilitate real time
adjustment of prices based on the room availability, inventory level and
competitive prices (Viglia et al., 2016).
Dynamic pricing decisions are generally influenced by three factors,
namely learning, diffusion and network effects, and these factors
individually and collectively determine the actual as well as intertemporal pricing decisions of the companies (Chenavaz et al., 2011). Thus,
the learning effect, a product of experience which leads to increasing
productivity (Arrow, 1962), diffusion effect, explained as the increasing
probability of sales due to the increasing penetration into the market (Bass,
1969) and finally network effects, explained as the dependence of the
value of a product for the consumer on the number of users of that
product (Economides, 1996) influence the dynamic pricing decisions of
companies. Depending on the characteristics of the market whether the
offers are replenishment or not, dependent to demand or not and whether
customers are myopic or strategic, companies face different versions of
dynamic pricing cases (Elmaghraby & Keskinocak, 2003). As a result of
the interaction between the above-mentioned factors and characteristics,
companies implement various types of inter-temporal pricing strategies
(Jorgensen, 1986). Some companies implement a skimming pricing policy
dynamically which consists of applying higher prices in the beginning and
then decreasing the prices gradually. Products which are sensitive to
network effects may be regarded as important determinants of this policy
as they provide the opportunity of benefiting from the inter-temporal
surplus of consumers (Mahajan et al., 1990). On the other hand, some
companies implement a penetration pricing strategy dynamically, which
consists of applying lower prices in the beginning and then increasing the
prices gradually as the market penetration or sales reach a satisfactory
level. This strategy works well in cases of new introductions to the market
and when early adopters have strong influence on follower consumers
(Chenavaz et al., 2011).
There are several studies which developed models for explaining
the dynamics of the relationship between price, time and demand level.
Gallego and Ryzin (1994) proposed a model estimating the optimum
pricing policy as a function of the number of rooms available and the
length of time horizon. Similarly, Badinelli (2000) focused on small hotels
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and proposed a model based on the vacancies and time factors. The
findings of the above-mentioned studies confirm the importance of room
availability in defining the dynamic pricing strategies. Generally, with
finite inventories, tourism companies implement a dynamic penetration
pricing strategy involving the setting of prices lower when there is high
availability of rooms and increase the prices as the availability shrinks.
From the consumers’ side, as it is confirmed by the study of Abrate
et al. (2012), customers who did not book earlier, in a case of high demand,
they will have limited room choices and they will be convinced to pay
higher amounts. According to Zhao and Zheng (2000), the optimal price
for a given inventory level decreases over time in cases of decrease in the
willingness of consumers to pay a premium. They conclude that this is not
the case in the travel services. Thus, when the waiting costs are high for
the customers, they will prefer to purchase upfront since they are risk
averse and they decide when to buy the products (Su, 2007; Liu & Ryzin,
2008). One way of generating waiting costs for the customers in order to
boost early reservations, is to implement a dynamic penetration price
strategy; start with low prices and raise the prices gradually depending on
the occupancy rate. Discounted prices are effective tools for controlling the
occupancy rate with early reservations (Koide & Ishii, 2005). In this
perspective, we can state that the price level and occupancy rate
information are the two important factors which drive the demand for the
rooms (Qu, et al., 2002).
Previous research conducted on the effect of discounted prices on
purchase intentions and sales confirm the significant and positive effects
in different context and situations. Kopalle et al. (1999) reported the
significant and positive effect of sales promotions in the short-terms sales
and concluded that sales promotions can be implemented more often in
cases where consumers are price sensitive. As one of the types of sales
promotions, discounted prices are found to have positive effects directly
on purchase intentions (Santini et al., 2015; Chao & Liao, 2016).
Additionally, Grewal et al. (1998) reported the indirect positive effect of
discounted prices on purchase intentions through perceived value of the
offering. Enz et al. (2004) compared the effect of discounted offers on
occupancy rates and financial performance and concluded that discounted
offers generate higher occupancy rates (short-term effect) while decreasing
the revenue performance vis-a-vis competitors in the market.
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In the light of previous studies and the associated findings on the
effects of dynamic pricing and price discounts on consumer behavior, we
propose the following hypotheses:
H1: Discount offers will have a direct positive effect on purchase
intentions.
H2: Increasing levels of discounts will lead to increasing levels of purchase
intentions.

DYNAMIC PRICING, PERCEIVED RISK AND PURCHASE
INTENTIONS
Perceived risk is an important factor of consumer decision making process
since the consumers’ perception about the type and degree of risk
involved in a situation affects their behavior (Cox & Rich, 1964). The
concept is defined as the subjective probability of loss derived from
unexpected and uncertain consequences of a purchase situation (Bauer,
1960). Due to its importance in consumer decision making process, it was
the subject of many studies since several decades (Mitchell, 1999).
Perceived risk is a multidimensional construct composed of two
components including uncertainty about and consequences of an action
(Lin & Fang, 2006). Thus, when the uncertainty about the consequences of
an action is high in a purchase situation, perceived risk becomes also
higher (Hong & Cha, 2013). Taking into consideration the intangibility
dimension of services such as hospitality, perceived risk is more intense
since consumers do not have the opportunity to test the performance
before purchasing it (Mitra et al., 1999). Previous studies in the literature
identified six main dimensions of perceived risk construct including
performance risk, financial risk, physical risk, convenience risk, social risk
and psychological risk, which may derive as the outcomes of a purchasing
action (Murray, 1991). This study focused on the moderating effect of
performance risk dimension on the influence of discount offers on
purchased intentions.
Consumers generally try to maximize the value they receive when
they evaluate product and service alternatives and prefer the goods or
services with higher perceived value (Dodds & Monroe, 1985). Value is
defined as the difference between what you get (benefits) and what you
give (costs) as a result of a purchasing situation and consumers make the
comparison of these benefits and costs before making their final decisions
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(Heskett et al., 1994). Previous studies confirm the positive effect of
perceived value on purchase intentions (Chang & Wildt, 1994). The
relationship between the discount offers and perceived risk can be
explained based on mental accounting theory which suggests that
consumers make their decisions based on the total utility generated by the
transaction (Kim et al., 2005). Taking into consideration that the price of
the product or service is a part of the total perceived utility, when there is
a discount on it, this situation leads to the increase on the total perceived
value of the transaction by maximizing the financial benefits and, at the
same time, reducing the perceived risk by decreasing the amount of
possible losses. Previous studies in the literature confirm the negative
effect of sales promotions such as discounts on the perceived risk level of
consumers (Garretson & Clow, 1999). In the light of the theoretical
background and previous findings, the following hypotheses are
proposed:
H3: Discount offers will negatively affect the perceived risk of consumers.
H4: Increasing level of discount offers will lead to decreasing levels of
perceived risk.
As consumers perceive some level of risk in almost any situation
depending on the context and situation they are involved in, this level of
risk is an important determinant of the intention to purchase, which is in
turn an indicator of the actual purchase decision (Tan, 1999). Previous
studies in the literature confirm that there is an inverse relationship
between the perceived risk level and purchase intentions of consumers in
such a way that when perceived risk level increases, this leads to
decreasing levels of purchase intentions (Bhukya & Singh, 2015; Hashim et
al., 2017; Xie, 2017; Wood & Scheer, 1996). In the context of hospitality and
tourism, the same negative effect of perceived risk on purchase intentions
is also confirmed by the previous studies in the literature (Mitchell &
Vassos, 1997; Kim et al., 2005). In the light of the existing findings in the
literature, it is believed that perceived risk level of consumers will have a
direct and negative effect on purchase intentions. Moreover, this negative
direct effect of perceived risk is also expected to have a mediating role on
the positive effects of discount offers on purchase intentions. In this
perspective, the following hypotheses are proposed:
H5: Perceived risk level will negatively affect purchase intentions.
H6: The effect of discount offers on purchase intentions will be mediated
by the perceived risk level.
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H7: Increasing levels of discount offers will indirectly lead to increasing
levels of purchase intentions through perceived risk.

PERCEIVED RISK, OFFER RECENCY AND PURCHASE INTENTIONS
Perceived risk represents the subjective evaluations of a possible loss in a
purchase situation and this directly influences the purchase intentions of
consumers (Sweeney et al., 1999; Kim et al., 2005). At the same time, this
perception about the risk inherent in a situation is not static and varies
over time (Doss et al., 2006). Thus, there is a time effect on the perceived
risk which leads consumers to make inter temporal preferences. These
inter temporal preferences affect consumers’ behavior and are one of the
determinants of their purchase decisions (Bartels & Urminsky, 2015;
Shapiro, 2005).
The literature related with the dynamics of inter temporal decision
making has grown extensively in the last 25 years (Zauberman &
Urminsky, 2016). The algorithms of all decision-making models generated
in those studies are defined by their temporal discounting function which
can be defined as the comparison between the subjective values generated
by delayed and immediate rewards for the consumers (Namboodiri et al.,
2014). Thus, the timing of the reward or transaction directly relates with
the perceived value of the person involved in the situation. When
consumers perceive the duration longer, they tend to discount the
outcomes more steeply than those durations which are perceived shorter
(Kim & Zauberman, 2009). This eventually leads to the depreciation of
perceived value in cases of longer waiting periods to get the benefits of the
transaction.
When we consider the situation in the tourism context, subjective
value of purchasing a holiday earlier is expected to be lower compared to
purchasing it on spot due to the discounting of expected value. Thus, the
timing of the offer is expected to moderate the relationship between the
perceived risk and purchase intentions of consumers by altering the
perception of value expected as a result of the purchasing the holiday.
Moreover, based on the theoretical background as well as findings in the
previous studies mentioned above, this situation is expected to result in a
moderated mediation role of perceived risk on the effect of discount offers
on purchase intentions of consumers.
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In the light of the theoretical background and the findings in the
literature we propose the following hypothesis:
H8: Offer recency will moderate the relationship between perceived risk
and purchase intentions.
H9: Discount offers will have a conditional indirect effect on purchase
intentions through the moderated mediation of perceived risk.

RESEARCH METHODOLOGY
Research design
This study has implemented an experimental design targeting to measure
the effect of different discount levels offered on the purchase intentions of
consumers, by taking into consideration the moderated mediation role of
perceived risk. The study included two manipulated factors, namely
discount level and timing of the offer (offer recency). The subjects were
chosen among the citizens of Istanbul city who regularly go to
international ski resorts each year with their families. Total number of
questionnaires collected was 675.
Participants were divided into three main groups with equal
number of subjects in each group. All groups were presented a scenario
describing the case which they were about to decide to purchase a oneweek ski resort package in Austria for their regular winter holiday. The
picture of the hotel, one-week package details and offered price were also
included in the scenario. The ski resort and other information employed in
the scenario were hypothetical and developed for the purpose of this
study. Thus, there were no prior knowledge of consumers about the ski
hotel. The scenario text was also included a warning about the limited
number of rooms left. Each group was presented with different discount
level conditions. First group was presented with no discount (DiscountNo)
at all, just the regular price. Second group was presented with the regular
price and 15% discount (DiscountMid) applied to it. Finally, the third group
was presented with the regular price and 30% discount (DiscountHigh)
applied.
Each experiment group with different discount conditions was
further divided into three sub-groups, with equal number of subjects for
the introduction of the second manipulation factor- the offer recency. In
each discount condition scenario, subjects were presented with additional
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information regarding the time left for the holiday trip. In the first
discount scenario (DiscountNo), three sub-groups generated were
presented with three different offer recency conditions. The first subgroup was presented a case where the winter holiday trip was scheduled
to start one week after the purchase (OfferSpot). Second sub-group was
presented a case where the winter holiday was about to start after three
months following the purchase transaction (OfferMid-Term). Finally, third
sub-group was presented a case where the winter holiday was about to
start after six months following the purchase transaction (Offer Early Bird). The
same sub-groups of offer recency condition were created and applied for
the remaining two groups of discount conditions.
Following the introduction of the scenarios containing different
discount conditions and the offer recency sub-conditions under each
discount conditions, subjects were presented with the statements
measuring their perceived risk about the purchasing situation as well as
their purchasing intentions. Table 1 summarizes the details of the
experimental design applied in this study.

Table 1. Experimental Design
Group

0

1

2

68

Discount
Condition

DiscountNo

DiscountMid

DiscountHigh

Rate (%)

0%

15%

30%

Sub-Group

Offer Recency

Time Left

0.1

OfferSpot

1 Week

0.2

OfferMid-Term

3 Months

0.3

OfferEarly-Bird

6 Months

1.1

OfferSpot

1 Week

1.2

OfferMid-Term

3 Months

1.3

OfferEarly-Bird

6 Months

2.1

OfferSpot

1 Week

2.2

OfferMid-Term

3 Months

2.3

OfferEarly-Bird

6 Months
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Operationalization of variables
Perceived risk and purchase intentions scales were borrowed from the
corresponding literature and necessary adjustments were made to these
scales for the purpose of this study. Perceived risk scale was borrowed
from the studies of Campbell and Goodstein (2001) and Noseworth and
Trudel (2011). This four items nine points semantic differential scale was
developed to measure a person’s overall perceived risk regarding a
purchase situation. The reliabilities reported for the scale were between
0.91 and 0.79 in these two studies, respectively. The scale employed in the
study was adjusted to express the perceived risk as a function of offer
period and converted into five points.

Table 2. Perceived Risk and Purchase Intention Scales
Perceived Risk
How do you consider the risk of purchasing the holiday package from this international ski resort?
Not At All
Risky
Not At All
Concerned

(…)……………(…)………………(…)……………(…)……………(…)
(…)……………(…)………………(…)……………(…)……………(…)

Extremely
Risky
Highly
Concerned

Very
Unimportant

(…)……………(…)………………(…)……………(…)……………(…)

Very
Important

Not At All
Worried

(…)……………(…)………………(…)……………(…)……………(…)

Very
Worried

Purchase Intention
How likely are you to buy the ski resort holiday package on offer?
Highly
Unlikely

(…)……………(…)………………(…)……………(…)……………(…)

Highly
Likely

How probable is it that you will purchase the product on offer?
Highly
Improbable

(…)……………(…)………………(…)……………(…)……………(…)

Highly
Probable

How certain is that you will purchase this product?
Highly
Uncertain

(…)……………(…)………………(…)……………(…)……………(…)

Highly
Certain

What chance is there that you will buy this product?
No Chance
At All

(…)……………(…)………………(…)……………(…)……………(…)

Very Good
Chance

Purchase intentions scale was borrowed from the studies of
Chandran and Morwitz (2005). This semantic differential scale with four
items and seven points was developed to measure a person’s stated
likelihood of buying a product that is being offered in a purchase
situation. The authors reported a reliability score of 0.89 in their study.
The scale employed in the study was adjusted to express the purchase
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intention of consumers regarding the discount level offered and it was
converted into five points. The statements and scale items for perceived
risk and purchased intentions are summarized in Table 2.
The modifications which were made to the borrowed scales led to
the need of confirming the reliability of each scale employed. The
reliabilities of the scales were tested by conducting a principal component
analysis. The results of the principal component analysis confirmed the
internal consistencies of all scales employed in the study. The analysis
resulted in the extraction of two components and high level of internal
reliabilities for each construct employed. The results of the principal
component analysis are summarized in Table 3.

Table 3. Results of the Principal Component Analysis
Component

1

2

Construct

Coverage

Perceived

Measures consumers’ overall perceived

Risk

risk with regard to a purchase situation.

Purchase
Intentions

Items

Loadings

α

4

0.467

0.978

4

0.311

0.796

Measures consumers’ stated likelihood of
buying a particular product that is being
offered in a purchase situation.

Analysis
Due to its common employment in studies which measure moderation,
mediation and moderated mediation effects, PROCESS SPSS macro was
used in order to test the moderated mediation model and associated
hypothesis related to the relative total, direct and indirect effects of
discount levels on purchase intentions through perceived risk (mediation
effect) and relative conditional indirect effects of discount levels on
purchase intentions through the moderated mediator role of perceived
risk by offer recency (moderated mediation effect).
PROCESS is a modeling tool generated by Andrew F. Hayes to be
used in SPSS and SAS statistical package programs. It is based on the
observed variable OLS and logistic regression path analysis and this tool is
widely used in several disciplines including social and health sciences.
PROCESS estimates the direct and indirect effects of independent
variables including single and multiple mediator models (parallel and
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serial), interactions in moderation models and conditional indirect effects
in moderated mediation models (Hayes, 2018). It provides the asymmetric
bootstrap confidence interval (CI) estimates for the measurement of both
relative indirect and relative conditional indirect effects (Hayes &
Preacher, 2013).

FINDINGS
Total, Direct and Indirect Effects of Discount Offer on Purchase
Intentions
The results of the analysis for measuring the total, direct and indirect
effects of discount level on consumer purchase intentions, led to the
generation of three estimation models summarized in Table 4.

Table 4. Total, Direct and Indirect Effects of Discount on Purchase Intentions
Model 1
Antecedents

Model 2

Purchase Intention (Y)

Perceived Risk (M)

Purchase Intention (Y)

SE

p

Coefficient

SE

p

Coefficient

SE

p

0.065

<.001

a1 -1.000

0.551

<.001

c11 0.491

0.076

<.001

c2 1.834

0.064

<.001

a2 -2.173

0.550

<.001

c12 1.114

0.113

<.001

Perceived
Risk (M)

-------

-------

-------

-------

-------

-------

b - 0.331

0.043

<.001

Constant

Iy 2.453

0.046

<.001

Im 4.067

0.389

<.001

Iy

0.182

<.001

DiscountMid
DiscountHigh

Coefficient

Model 3

c1

0.822

R2 =

.5473

F(2,673) = 407, p<.001

R2 =

.6993

F(2,673) = 782, p<.001

3.801
R2 =

.5835

F(3,672) = 314, p<.001

Model 1 estimates the total relative effect of different discount
levels on the purchase intentions of consumers. This model shows the sum
of direct and indirect effects of discount offers on purchase intentions.
Model 2 estimates the direct effect of discount offers on perceived risk.
Finally, Model 3 estimates the direct effects of both discount offers and
perceived risk on purchase intentions.
Starting with the direct effects of discount offers on purchase
intentions, as it is confirmed by Model 3, discount offers have significant
positive direct effects on purchase intentions (R2 = 0.583, F(3,672) = 313,
p<0.001). Thus, we accept H1. The results also confirm the significant and
higher positive direct effect of middle level discount offers (Discount Mid)
on purchase intentions compared to cases with no discount offers (B=
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0.491, p<0.001). When the discount level is higher (DiscountHigh), this also
leads to significant and higher positive direct effect on purchase intentions
compared to cases with no discount offers (B= 1.114, p<0.001). This result
leads us to support H2. Model 3 also estimates the direct effect of
perceived risk on purchase intentions and confirms the significant
negative effect (R2 = 0.583, F(3,672) = 313, p<0.001). Those consumers who
are offered the same amount of discount or no discount at all and at the
same time perceive the risk higher, are estimated to show lower level of
intention to purchase (B= -0.331, p<.001). In the light of these results we
accept H5.
Model 2 estimates the effect of different discount levels on
perceived risk compared to cases with no discount offers. The results of
the model confirm that discount offers have significant effect on the
perceived risk levels of consumers (R2 = 0.699, F(2,673) = 782, p<0.001). This
result leads us to support H3. Moreover, when the level of discount
offering increases, its negative effect on the perceived risk of consumer
becomes stronger. Thus, when consumers are offered middle level
discount offers (DiscountMid), this leads to the generation of lower level of
perceived risk (B= -1.000, p<0.001) compared to the cases with no discount
offers. On the other hand, higher level of discount offers (Discount High)
generate even more stronger negative effects on the perceived risk of
consumers compared to cases with no discount offers (B= -2.1729,
p<0.001). In the light of these results we accept H4.
The indirect effect of discount offers includes the mediating role of
perceived risk on the effect of discount offers on purchase intentions.
Thus, it shows the effects of discount offers on purchase intentions
through the perceived risk of consumers. The numerical expression of
relative indirect effects of different discount offers through perceived risk
is the product of regression coefficients in Model 2 and Model 3. Due to
the non-normal sampling distribution of regression coefficients, a
bootstrap confidence interval with 5,000 bootstrap samples is applied
(Hayes & Preacher, 2013). The calculations of the indirect effects and the
corresponding results are presented in the following equations:
DiscountMid = a1b = -1.000(-0.331) = 0.331
DiscountHigh = a2b = -2.173(-0.331) = 0.720
The significance of the relative indirect effects is confirmed by
checking the confidence intervals for different discount offers. The results
are summarized in Table 5.
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Table 5. Indirect Effects of Discount Offers on Purchase Intentions
Discount Level --------- Perceived Risk --------- Purchase Intention
Effect

Boot SE

Boot LLCI

Boot ULCI

DiscountMid X1

0.3314

0.0529

0.2309

0.4388

DiscountHigh X2

0.7200

0.1070

0.5092

0.9224

The confidence intervals for DiscountMid are reported as 95% CI =
0.2339 to 0.4388. As the confidence interval does not include any zero
value and both values are positive, this leads us to conclude that there is a
significant and positive indirect effect of DiscountMid on purchase
intentions through the perceived risk of consumers. Similarly, the
confidence intervals for DiscountHigh are reported as 95% CI = 0.5092 to
0.9224. As the confidence interval does not include any zero value and
both values are positive, again this leads us to conclude that there is a
significant and positive indirect effect of DiscountHigh on purchase
intentions through the perceived risk of consumers. In the light of these
findings, we can conclude that there is a significant mediating role of
perceived risk on the relationship between discount offers and the
purchase intentions of consumers. Thus, different levels of discount offer
affect positively the purchase intentions through the perceived risk of
consumers. However, this mediating effect of perceived risk is a partial
one since the total and direct effects of discount offers on purchase
intentions are different from zero and statistically significant. These results
lead us to accept H6 and H7. The graphical representation of the direct
and indirect effects of discount offers on purchase intentions are
summarized in Figure 1.

Figure 1. Direct and Indirect Effects of Discount Offer on Purchase Intentions
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Moderating Role of Offer Recency on the Effect of Perceived Risk on
Purchase Intentions
The results of the analysis, which targets to measure the moderating role
played by the offer recency on the effect of perceived risk on purchase
intentions, confirmed that this effect is contingent on the offer recency
level by generating significant interaction effects for both Offer Mid-Term and
OfferEarly Bird situations (y=0.2498, p<0.001 and y=0.5154, p<0.001). As
suggested by Aiken and West (1991), the calculation of interaction effect is
made by computing the slopes -1 and +1 of the offer recency. The results of
this interaction effect is summarized in Table 6 where the product of
perceived risk and offer recency resulted in the generation of higher levels
of purchase intentions for both OfferMid-Term and OfferEarly-Bird compared to
OfferSpot.

Table 6. Moderation Effect of Offer Recency
DV= Purchase Intention (Y)
Predictor
Coefficient

SE

t

p

95% CI LL

95% CI UL

-0.6292

0.4490

-13.9990

<.001

-.7175

-.5410

OfferMid-Term (b21)

-0.5505

0.1511

-3.6440

<.001

-.8472

-.2539

OfferEarly-Bird (b22)

-0.6643

0.1379

-4.8159

<.001

-.9351

-.3935

Interaction (b31)

0.2498

0.4730

5.2774

<.001

.1569

.3428

Interaction (b32)

0.5154

0.0432

11.9308

<.001

.4306

.6002

Perceived Risk
(b1)

The graphical representation of the conditional effects is presented
in Figure 2. In cases of spot offers, the differential effect of perceived risk
level is high on purchase intentions. However, this difference starts to
shrink when consumers are exposed to the cases of Offer Mid-Term and
OfferEarly-Bird. Thus, the effect of perceived risk on purchase intentions
changes due to the offer recency level exposed. In the light of these
findings and significant interaction effects, we conclude that the offer
recency moderates the effect of perceived risk on purchase intentions of
consumers. Thus, we accept H8.
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Figure 2. Interaction Effect of Moderation

The Relative Conditional Indirect Effect of Discount Level on Purchase
Intentions
The conditional indirect effect of discount level on purchase intentions
covers the moderated mediation role of perceived risk on this effect. In
order to test this effect, we measure the indirect effects of discount levels
on three different levels of perceived risk, namely low (-1 SD), average
(mean) and high (+1 SD) levels. The result of this analysis is summarized
in Table 7.
When consumers are offered middle level discounts (DiscountMid),
the conditional relative indirect effect of this discount level on purchase
intentions through the perceived risk is the highest in cases where the
offer is done one week earlier (OfferSpot) than the check-in date (0.63, 95%
CI = 0.5177 to 0.7366). On the other hand, when the offer time is three
months earlier than the check-in date (OfferMid-Term), the indirect effect of
DiscountMid on purchase intentions through perceived risk starts to
decrease and it is weaker compared to OfferSpot (0.38, 95% CI = 0.2673 to
0.4931). Similarly, when the offer time is six months earlier than the checkin date (OfferEarlyBird), then the conditional relative indirect effect of this
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discount level on purchase intentions through the perceive risk is the
lowest compared to both OfferSpot and OfferMid-Term (0.11, 95% CI = 0.0434 to
0.1839). The index of moderated mediation was calculated in order to test
the significance of these differences and consequently to confirm the
conditional relative indirect effect of DiscountMid on purchase intentions
through perceived risk. The results of this calculation confirmed the
significant moderated mediation effect of offer recency for both OfferMidTerm (-0.25, 95% CI = -0.3218 to -0.1814) and OfferEarly Bird (-0.52, 95% CI =
-0.6097 to -0.4204) cases compared to OfferSpot.

Table 7. Results of the Moderated Mediation Analysis
Conditional Relative Indirect Effect of Discount Level on
Discount

Spot (-1 SD)
Mid-Term
DiscountMid

(M)
Early Bird
(+1SD)
Spot (-1 SD)
Mid-Term

DiscountHigh

Purchase Intentions

Period

Level

(M)
Early Bird
(+1SD)

Coefficient

SE

95% CI LL

95% CI UL

0.6292

0.0566

0.5177

0.7366

0.3794

0.0574

0.2673

0.4931

0.1138

0.0360

0.0434

0.1839

1.3672

0.0968

1.1683

1.5487

0.8244

0.1152

0.5944

1.0446

0.2473

0.0772

0.0951

0.3922

The second part of Table 7 shows the results of the analysis related
to the conditional relative indirect effect of Discount High on purchase
intentions through the perceived risk. This conditional indirect effect is the
highest in cases where the offer is done one week earlier (Offer Spot) than
the check-in date (1.37, 95% CI = 1.1683 to 1.5487). On the other hand,
when the offer time is three months earlier than the check-in date (OfferMidTerm), the indirect effect of Discount High on purchase intentions through
perceived risk starts to decrease and it is weaker compared to Offer Spot
(0.82, 95% CI = 0.5944 to 1.0446). Similarly, when the offer time is six
months earlier than the check-in date (OfferEarlyBird), then the conditional
relative indirect effect of this discount level on purchase intentions
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through the perceived risk is the lowest compared to both Offer Spot and
OfferMid-Term (0.25, 95% CI = 0.0951 to 0.3922). As it is done in previous
analysis, the index of moderated mediation was calculated in order to test
the significance of these differences and consequently to confirm the
conditional relative indirect effect of DiscountHigh on purchase intentions
through perceived risk. The results of this calculation confirmed the
significant moderated mediation effect of offer recency for both Offer MidTerm (-0.54, 95% CI = -0.6889 to -0.4024) and OfferEarly Bird (-0.52, 95% CI =
-0.6097 to -0.4204) cases compared to OfferSpot. In the light of these
findings, H9 can be accepted.

DISCUSSION AND CONCLUSION
The objective of this study was to measure the effect of dynamic pricing
applications on the purchase intentions of consumers by taking into
consideration the moderated mediation role of perceived risk by offer
recency. The study involved several measurement models to explore the
underlying dynamics between discount offers, perceived risk, offer
recency and purchase intentions. The results of the study lead to several
conclusions and contributions which need to be elaborated vis-a-vis to the
previous findings in the literature.
One of the findings in this study is related with the direct effects of
discount offers on the customers’ purchase intentions. In line with the
expectations and findings in the existing literature, discount offers are
found to have positive direct effects on purchase intentions (Bakırtaş,
2013; Rizwan et al., 2013). Moreover, the results confirmed that the level of
discount determines the level of purchase intentions in a way that more
attractive discounts generate higher level of purchase intentions. This
result also finds some support in the existing literature (Palazon &
Delgado-Ballester, 2009). However, there are also studies which report an
inverted U type explanation rather than linear relationship between the
benefit levels and consumer behavior in the context of sales promotions
(Grewal et al., 1998). The results of this study also confirm the significant
negative effect of discount offers on perceived risk of consumers.
Increasing levels of discount leads to lower levels of perceived risk and
this is in line with the findings in the existing literature (Garretson &
Clow, 1999).
Another finding in this study, which is in line with the results of the
existing studies in the literature, is the direct negative effect of perceived
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risk on purchase intentions. Parallel to the existing studies, when the
perceived risk of consumers increases, their purchase intentions become
lower. This result finds strong support in the previous studies which are
focused on this subject (Ashoer & Said, 2016; Xie, 2017; Wood & Scheer,
1996).
There are two important contributions of this study to the existing
literature. The first one is related with the mediating role of perceived risk
on the effect of discount offers on purchase intention in a way that
different levels of discount offers affect positively the purchase intentions
through the perceived risk of consumers. Compared to cases with no
discount at all, the differential positive direct effects of DiscountMid and
DiscountHigh on purchase intentions start to decrease when the perceived
risk of consumers mediates this effect. This result is an important
contribution of this study to the existing literature since there is a lack of
studies focusing on the mediating effect. A second important contribution
of this study is that this mediating role of perceived risk is moderated by
the offer recency, which leads to consumers’ inter temporal decisions and
plays a moderated mediation role on the effect of discount offers on
purchase intentions. This finding also contributes to the existing literature
by filling a gap in the relationship between dynamic pricing, perceived
risk and timing factor.

PRACTICAL IMPLICATIONS
The results of this study lead to several practical implications. First, one of
the results indicate that offering a discount compared to not offering it,
increases the intention of consumers to purchase the ski resort holiday
package. Moreover, the level of discount determines the level of purchase
intention. Those hotels which compete in a highly competitive markets
and offer holiday packages for international customers need to acquire
them as soon as possible, in order to maximize the occupancy rate. They
need to find the optimum level of discount which will boost the sales
without harming the profitability and, eventually, lead to maximization of
occupancy rate at the earliest time possible.
Another finding of this study is the negative effect of perceived risk
on purchase intentions. When consumers feel uncertainties about the
performance of the hotel, this will increase their perceived risk and
eventually their purchase intention will be lower. It is found that the
perceived risk level also mediates the effect of discount offers on purchase
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intentions. When consumers perceive higher levels of risk, the effect of
discounts on purchase intentions becomes weaker. In order to cope with
this challenge, marketers need to encourage their satisfied customers to
share their opinions with other consumers in the market as much as
possible. As the opinion of other consumers is an important determinant
of decision making in hotel selections, these opinions are expected to help
customers to eliminate the uncertainties and consequently lower the
perceived risk levels. Thus, all platforms including social media, forums
and web sites should be used by the marketers to boost customer opinion
sharing. Customers should be encouraged and incentivized to share their
opinions in these platforms.
The timing of the offer was also found as an important factor
influencing the effect of discounts on purchase intentions through
perceived risk level. In comparison with no discount cases, the positive
effect of discounts on purchase intentions diminishes in all discount levels
due to the inter-temporal effect on perceived risk levels. Marketers should
try to adjust their marketing mix to eliminate the uncertainties of
consumers derived from purchasing the holiday package earlier. First, a
direct solution is to offer insurance to the international customers, as some
tourism agencies already provide. Marketers may engage in such
insurance programs or work with agencies which provide such insurances
in order to decrease the perceived risk level. On the other hand, if there is
no such program, as the return of the package becomes impossible after a
certain period, depending on the cancellation and refund policy, one of the
immediate tools that can be provided to those consumers, who won’t be
able to travel, is an opportunity to sell their holiday package. The hotel
may create a late market program which will start 7 days earlier before the
check-in date and if there are no rooms available in the hotel, the hotel
may provide original buyers the opportunity to sell their package at a
discounted price. This program may provide value for all parties
including the original owner of the package, the hotel and the prospect
late buyer.
As a result, hotel managers, who target to maximize the occupancy
rate in an optimum way, need to implement a dynamic pricing policy
which will create and sustain a balance between perceived performance
risk of purchase in a particular hotel, inter temporal risk perceptions and
the discounts offered in order to maximize the expected value for both
their customers and their hotel.
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LIMITATIONS AND SUGGESTIONS FOR FUTURE RESEARCH
This study was conducted in the tourism context and the type of product
employed in the experimental design was the international ski resort
holiday package. This is a limitation for the study which leads to some
generalizability issues. As a direction for future studies, it is suggested to
conduct the same study in different contexts, for different products and in
a cross-country setting in order to increase the generalizability of the study
and provide deeper understanding of the underlying dynamics.
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